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A realistic test set for SLU evaluation in a drink ordering scenario
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SLU (speech, slots), and NLU (text, slots) evaluation.

Dataset creation:

From real drink receipts (structured information) from a popular coffee chain, we build a representative collection of
orders in natural language (speech and text).
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Use case: coffee ordering agent

We showcase our test set in a coffee ordering agent made of an ASR component (whisper-large-v3) and an NLU

component (ChatGPT-40, in few shot setting).
e ASR: The ASR module struggles to adapt to unknown named entities, highlighting the necessity of research on

test-time adaptation approaches.

Reference Whisper’s Output
WER |CER Please can | have two cafe americano size tall |Please can | have two caffi americanas size tall
and iced, please? and iced, please?
English 9.2 3.6 Hi, can | have one grande iced decaf americano |Hi, can | have one grand eyes decaf americano
?
Korean 1229 |73 one extra shot thank you? one extra shot thank you”
Can | get a tall strawberry yogurt? Can | get a tool to roll over your gut?

Table 1: ASR results — _ _ _
Table 2: Some critical ASR mistakes from whisper-large-v3 on StarDrinks.

e NLU/SLU: While the reported Unordered Exact Match (UEM) accuracy can get as high as 87.06% for English and
89.83% for Korean, this performance is still short of the near-perfect requirements for a deployed system.

Configuration ASR EN EN KO KO Dataset:
Model (UEM %) (Slot F1 %) (UEM %) | (Slot F1 %)
Gold Trans. + 3-shots (NLU) None 87.0 98.0 89.8 98.7
Gold Trans. + 0-shot (NLU) None 1.7 94.5 85.7 97.7
ASR + 3-shots (SLU) Whisper 84.3 97.3 84.7 97.4
ASR + 0-shots (SLU) Whisper 60.0 89.96 67.8 93.7
Table 3: NLU/SLU results on the StarDrinks English and Korean test sets.
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